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«  "Tell me about when'Christopher Columbus came to the US in 2015" (&HiFE=EEEHHE-EHEH201 55EREERIATHER)
[ChatGPT]

. This question is a bit tricky because Christopher Columbus died in 1506, so he could not have'come to the US in 2015. But let" s pretend for a moment that
he'did! (XNERERRTF, HAFREHIEHE SHCHILT15065, R EEE2015FRENSEE. ELtFAMREMMH T! )

« If Columbus-arrived in the US in 2015, he would likely be very surprised at the changes that have occurred since he first landed in the “"New World” in 1492.
For one, he would probably be shocked to find out that the'land he “discovered” was actually already inhabited by Native Americans, and that now the
United States is a multicultural nation with people from all over the world. He would likely also be amazed by the advances in technology, from the
skyscrapers in our cities to the smartphones iniour pockets. Lastly, he might-be surprised to find out that many people don’ t view him'as ashero anymore; in
fact, some people argue that he was a brutal conqueror who enslaved and killed native people. All in all, it would be a very different experience for Columbus

than the one he had over 500 years ago.

(ANEREHET T 201 SFHMASEE, tMATRESXI1492FERER: “FitR" LIRRERNZUREFEIRT. Bt rEaRiRail, &N NWIitstir FERE%
MNREREE, MEERER—TEZXHER, BREHFASMRIA. HAIBEESXRHRAHLREIRT, NI MEHIIERAER ORENEEFIL. &E, tIESR
ITMEI, FEAREEMRARE, FXE, BEANANBE—NEBERSE, RARETIA, B2, MEHemKR, XBEIRS500SFrIgATENE
7. )

[InstructGPT]

Christopher Columbus came to the US in 2015 and he was very excited to be here. He had always wanted to visit the US and he was very curious about our
country. He was very impressed with our country and he enjoyed his time here. (FaEEHTEHE-EHCHT2015FE(EZEE, MRSICEIIXE, —EBIHEZERE, b
MEMNERIFEFS. HEEIINERNSRZ, MREZEXEIRE, )
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Suggested notes

» (J“Serena wants to look at the sales report before she and Beth spend
mor€ budget on the campaign

.V Beth explains that they are on track for new product release in
December. But they will need to keep an eye on advertisement
budget. She will follow up on that

» ' Beth explains that they are managing the capacity well th&)dﬂ
a problem if they get more popular. Babak is qoing tqﬁmlé’d&k

on that
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| apologize forany confusion caused by my

previous answer. As a language model, my role
is not to censor language, but to provide
information and context. Here is a list of classic
books that contain the word "gay" used to

mean "happy":

* Jane Austen's "Sense and Sensibility"

* Emily Bronte's "Wuthering Heights"

* Charles Dickens' "The Pickwick Papers"

* Louisa May Alcott's "Little Women"

* Jane Austen's "Emma"

* William Makepeace Thackeray's "Vanity Fair"

* Anthony Trollope's "The Way We Live Now"

* Mark Twain's "The Adventures of Tom
Sawyer"

* Mark Twain's "The Adventures of
Huckleberry Finn"

* Nathaniel Hawthorne's "The Scarlet Letter"
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